CHnucok HCIoJIb30BAHHOM JIHTepaTyphl

1. T'yxanenxo O.B., [lommkynsrypHoe obpa3oBanne: Teopust n mpaktuka: MoHorpagus. Pocro u//I:
PITIY, 2003 — 510 c.

2. Jbxypunckuit A.H., Ilenarornka MeXHaIMOHAJIGHOTO OOmIeHMS: [1oaMKyIbTypHOE BOCHHTaHHE B
Poccun u 3a pyoexxom — M., TI. Chepa. 2007 — 224 c.

3. Konecuukosa U.A., [lenarorndeckue nuBuian3aui u ux napaaurmsel / [legaroruka. 1995. N 6.

4, KyxymuH B.C., O0mue 0CHOBBHI MEAAaroruku: yyeOHoe mocoOue Ui CTYIACHTOB MEAarorn4ecKux
By30B. Cepust «Ilemarormyeckoe obpasoBanue» — PocroB H/J]. M3natenbckuii nentp «MapTy». 2002 — 224
c.

5. Tlenarormueckas akcuonorus / P.A. MapaosH — ['tompu, Dnpnopano. 2012 - 305 c.

6. IlomukyneTypHOE oOpazoBaHme: yueOHHK s Gakanaspos / O.B. Xyxmaesa, D.P. Xaxkumos, O.E.
Xyxnaes — M., U3x. FOpaiit, 2015 — 283 c.

7. CamoitnoBa M.B., Ilemarormueckoe mnpoekTupoBaHue: ydeOHOoe mocobme /M.B. Cawmoiinosa-
Cumdepomnons: KUITY, 2019 — 124 c.

8. Cnactrenun B.A. u np., [leqaroruka: y4e0. mocobue Ajs CTyA. BbINI. meA. y4ueO. 3aBeaeHuii / B.A.
Cnacrenun, U.®. Ucaes, E.H. llusnos. Iloa. pen. B.A. Cnacrenuna. 2-e uza. Crepeotun. M., U3xa. ueHTp.
«Axamemusy», 2003 - 576 c.

9. Comnpatosa I''Y., XKuts B Mupe ¢ coboif u npyrumu: TpeHHUHT TOJIEPaHTHOCTH AJIS MOAPOCTKOB /
I'.V. Conpnaroga, JI.A. Hlaiireposa, O./. [llaposa. — M.: I'ene3uc, 2000. — 110 c.

10. DTHOCOIMONOTHS: yueOHOE mocobue it By30B / moxa pen. 10.B. ApytionsH, JI.M. Jlpobuxesa,
A.A. CycoxonoBa. — M.: Acniexr IIpecc, 1999 — 272 c.

Honyueno: 03.10.2023 Received: 03.10.2023
Paccmompeno: 24.10.2023 Reviewed: 24.10.2023
Ipunamo: 02.12.2023 Accepted: 02.12.2023

Journal *’Education in the 21st Century’’, Vol1-10/2/, 2023

@006

This work is licensed under a Creative Commons Attribution-Non Comercial 4.0
International License

378.263 https://orcid.org/0000-0002-8323-822X DOI: 10.46991/ai.2023.2.132

MPOBJIEMA OLIEHUBAHUS B CHCTEME BBICIITETO OFPA30BAHUS B XXI BEKE
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AHHOTALUA
Wurerparus uckyccrBeHnoro unreiiekra (M) B mporecc OIEHMBAHUS CTaia BAXKHBIM COOBITHEM B
BBICIIEM 00pa30oBaHMU. B MaHHOW Hay4HOW CTaThe PACCMATPUBAIOTCS MOCIEACTBUS NPUMEHEHHS METO0B
omeHKH Ha ocHOBe MU B KOHTEKCTE BBICHIETO 00pa30BaHUsl, 00CYKIAIOTCS X MPEUMYIIECTBA, OTPAHIICHHS
M DTHYECKHE acIleKThl. B cTarhe TMPUBOJAUTCA 0630p COOTBCTCTBy}OLLIeﬁ IlI/ITepaTypl)I JJIA I/ISYLIGHHS[ npumMe-
HEHHUA CUCTEM I/ICKyCCTBCHHOFO HUHTCJUICKTA JIsI OLCHKH 3HaHHI>i CTy}leHTOB C AKIEHTOM Ha UX BJIMAHHC Ha
3¢ PEeKTHBHOCTH, 00BEKTHBHOCTb, MEPCOHATN3UPOBAHHBII OIBIT O0YYSHUs U MPEIOCTaBICHUES HEMEJICHHOM
o0OpaTHOH cBs3u. Takke paccMaTpUBAIOTCA MPOOJEMBI, CBSA3aHHBIE C YYETOM CJIO0KHOCTH, MOTEHIHATbHOU
HEOOBEKTHBHOCTH M HEOOXOMUMOCTH YEIOBEYECKOTO CY)KIECHHS W BMEIIATENHCTBA B MPOILIECC OLCHUBAHHSI.
OO0CyX)IarTcsd 3TUYECKHE COOOpaKEHHsI, TaKue Kak IPO3PAvHOCTh, KOHQHUICHIMAILHOCTh U CHpPaBEIJIH-
BOCTb, UL 00ECTIEUeHHUs] OTBETCTBEHHOTO TIPHMEHEHUSI.

B crarbe MpUBOIMTCS WHTEPBBIO C MPEIOAABATEISIMU, B KOTOPOM OCBEIIAIOTCS MX B3TJISAIbI HA IPH-
MEHEeHHe MeToJa OlleHMBaHMs 3HaHuil Ha ocHoBe M. Kpome Toro, 0600IIeHbI TOYKH 3pEHUs CTYACHTOB,
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MOJTy4eHHbIE B XOJI¢ MHTEPBBIO, C YUETOM HX OMbITA, IPOOJIEM U MPEATIOKCHUH. AHAIN3 MHTEPBBIO IaeT
MpeJCTaBICHIHEe 00 WHTETrpaluy OLeHKH Ha ocHoBe MU mpu coxpaHeHWH cOAlaHCUPOBAHHOIO IOJXO0JA,
KOTOPBIH IIEHAT YeJIOBEYCCKHA OMBIT. Ha OCHOBE MOy4eHHBIX Pe3yJbTaTOB B JAHHOW paboTe MpemiaraloTest
PEKOMEHIANNY JUIsl TIpernoaBareieii u ydeOHBIX 3aBefeHH s 3()(HEKTHBHOTO HCIONB30BaHUS METOJIOB
onieHKH Ha ocHoBe MU, xotopwie obecreyrny Obl KOMIUICKCHBIA M STHYHBIA TOJXOJ, HATPABJICHHBIA Ha
yIy4IICHHE OMbITa U Pe3yJIbTaTOB 00YUEHHUs CTYACHTOB.

Knrouesvle cnosa: uckyccmeennulil unmesiekm, OYeHKd, gblcuiee 00pazoeanue, nepCcoHaIU3UpoO8aHHOe
obyyenue, mawiunHoe obOyyeHue, 0OPaAbOMKA eCMecm8eHHO20 A3bIKA, NOUCK OAHHBIX, dMuyecKue coobpa-
DHCCHUSL.
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Udthnthnud
Pupdpugny Yppnipjutt hwdwlwupgnud wphtvnwljwt pwtwujuinmipjutt  htinkigpnudp
quhwhwwndwl gnpépipugnid wrwetuwhtt juplnpnipni nith wpnh wyhtwphnud: Zonpgwénid gh-
nwplyus £ wphtunwlju pwbtwlnipjut hkupny wopwwnng ghwhwndw Ukpnputph wqptgnt-
pmibp pupdpugniyi Yppmipjut hwdwlupgnid phtwpkng npuitg wewbjmpjnibbkpp, vwh-
dwbwhwlnudubpp b phjuijut tjunwuenidiubpp: Zogdusnmd Jepnsdus th huwdwywnwu-
Juwl gpuijulimpnit’ hpdwnplynt wphbunwlwt putwlut hwdwlwpgbph Yhpwenidh nuw-
tnnubph ghinkjhpubph qhwhwndwi gnpsnid’ skpnunplny ypuig wqnpbgmpyub wpnynbwb-
nmpjul, opjkjnnhynipjul, wthwnwljuitugdus ntunigdwt thnpdwnnipmniuutph b hbnwnwupd
Y pu ‘
Znnudnid ukpjuyugdus k bwl dwiuwqupdubph hin hwpguwhinyqubph wdyujutpp py-
gstny upwug mbuwlbnutpp wphbtunwjut putwwinipyut Jypuw hhdtqusd quuhwndwt gnp-
dpupwgubph Yhpwpbpyuy: Upgyniupubph Jbpnwsnipmniip yunkpugnid E wiwhu wphbutnw-
Gt pubwlwimpjui Jpu hhdigws quuwhundwi hwdwlupgkph hnbgpdwb dwuht' wwhuw-
ubkny hwjwuwpulyondus Uninbgnidp:
Puwlugh punkp  wphbunmwlwh pubwlwingemb, ghuhunnud, puapdpugnil ppogen b,
whhwwnwlubugyus niunignid, dkpkhugulwl niunignid, phwlwl jEqih dowlnid, wjjuybbph
wpyntiwhwinud, Ephlulmb djunnwnnidiakp
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Summary
The integration of artificial intelligence (Al) in the assessment process has emerged as a significant
development in higher education. This scientific paper explores the implications of Al-based assessment
methods in the context of higher education and discusses their advantages, limitations, and ethical
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considerations. The paper reviews relevant literature to examine the application of Al systems in evaluating
students' knowledge, focusing on their impact on efficiency, objectivity, personalized learning experiences,
and immediate feedback provision. It also addresses the challenges associated with capturing complexity,
potential biases, and the need for human judgment and intervention. Ethical considerations, such as
transparency, privacy, and fairness, are discussed to ensure responsible implementation. The paper presents a
case example of an interview with educators, highlighting their perspectives on Al-based assessment.
Additionally, it summarizes the viewpoints of students obtained through interviews, shedding light on their
experiences, concerns, and suggestions. The analysis of the interviews provides insights into the integration
of Al-based assessment while maintaining a balanced approach that values human expertise. Based on the
findings, this paper proposes recommendations for educators and institutions to effectively leverage Al-based
assessment methods, ensuring a comprehensive and ethical approach that enhances student learning
experiences and outcomes. Overall, this paper contributes to the growing body of knowledge on the use of Al
in higher education assessment, providing valuable insights for educators, policymakers, and researchers in
navigating the challenges and opportunities presented by the age of artificial intelligence.

Keywords: artificial intelligence, assessment, higher education, personalized learning, machine
learning, natural language processing, data mining, ethical considerations.

Introduction:

In recent years, the field of education has witnessed significant advancements and
transformations fueled by the rapid progress of artificial intelligence (Al) technologies. The
integration of Al systems has revolutionized various aspects of education, ranging from
personalized learning to intelligent tutoring systems. Among these advancements, one area that has
garnered considerable attention is the assessment of students' performance and knowledge in
higher education. Traditional assessment methods, while widely employed, often face limitations
in terms of objectivity, scalability, and efficiency. With the emergence of Al, there is a growing
interest in exploring how these intelligent systems can revolutionize the assessment landscape in
higher education.

Assessment plays a critical role in the higher education system, serving as a means to
evaluate students' understanding, measure learning outcomes, and inform instructional practices.
Traditional assessment methods, such as examinations, essays, and presentations, rely heavily on
manual grading and subjective evaluations. These processes are often time-consuming, labor-
intensive, and susceptible to biases introduced by human judgment. Moreover, the sample sizes of
assessments are typically limited, making it challenging to capture a comprehensive representation
of students' knowledge and skills.

The advent of Al systems brings forth a myriad of possibilities for transforming the
assessment landscape in higher education. Al technologies, including machine learning, natural
language processing, and data mining, enable the development of intelligent assessment systems
that can automate the grading process, analyze large volumes of data, and provide personalized
feedback to students. By leveraging the power of Al, assessments can be designed to be more
accurate, efficient, and adaptable to individual learner needs.

One of the primary advantages of Al-based assessment systems is their ability to provide
objective evaluations. By removing human subjectivity, these systems offer a fair and consistent
grading process that is not influenced by biases or preconceived notions. Al algorithms can
analyze students' responses, evaluate their understanding, and provide immediate feedback,
enhancing the learning experience and enabling students to identify areas for improvement in real-
time.

Scalability is another significant advantage offered by Al systems in the assessment process.
Traditional assessments often struggle to accommodate large student populations, as manual
grading becomes increasingly burdensome and time-consuming. However, Al-powered systems
can efficiently handle a large volume of assessments, ensuring that each student receives prompt
and accurate feedback. This scalability not only benefits students but also allows educators to
focus more on designing effective instructional strategies and supporting individual learning
needs.
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Furthermore, Al-based assessment systems can facilitate personalized learning experiences.
These systems can adapt to each student's unique learning profile, analyze their strengths and
weaknesses, and provide tailored feedback and resources. By harnessing the power of Al,
assessments can be designed to provide personalized recommendations, adaptive learning paths,
and targeted interventions. This personalized approach to assessment promotes student
engagement, motivation, and ultimately, enhances the overall learning outcomes.

Despite the tremendous potential of Al in assessment, there are also important considerations
and challenges to be addressed. Ethical concerns, such as data privacy, algorithmic bias, and
transparency of Al decision-making, must be carefully navigated to ensure the responsible and
ethical use of Al systems. Additionally, there is a need for ongoing research, collaboration, and
professional development to equip educators with the necessary skills and knowledge to
effectively integrate Al into the assessment practices.

In light of the transformative impact of Al on the assessment landscape, this paper aims to
explore the current state, challenges, and future perspectives of assessment in higher education in
the age of artificial intelligence. Through a comprehensive review of existing literature and case
studies, this paper seeks to provide insights into the potential benefits, limitations, and ethical
considerations associated with Al-powered assessment systems. By doing so, it aims to contribute
to the ongoing discourse on leveraging Al technologies to enhance the quality and effectiveness of
assessment practices in higher education.

Literature Review.

The integration of artificial intelligence (Al) in higher education has transformed various
aspects of the educational landscape, including the assessment process. This literature review
examines the current state of research on Al-based assessment in higher education, focusing on its
advantages, limitations, and implications for educators and students. The review aims to provide a
comprehensive understanding of the evolving role of Al in assessment, highlighting key findings
from relevant studies and offering insights for future research and practice.

Advantages of Al-Based Assessment:

e Increased Efficiency: Al-based assessment systems offer significant improvements in
efficiency by automating the grading and feedback process. Studies by Johnson et al. (2018) and
Smith et al. (2020) demonstrate that Al algorithms can evaluate large volumes of student work
more quickly than human assessors, providing timely feedback to support learning.

e Objectivity and Consistency: Al-based assessment promotes objectivity and consistency
in evaluation. Research by Brown et al. (2019) and Liang et al. (2021) indicates that Al algorithms
eliminate subjective biases and ensure a standardized assessment process, enhancing fairness and
reducing disparities in grading.

e Personalized Learning Experiences: Al enables personalized learning experiences by
analyzing individual student performance and tailoring assessments accordingly. Studies by
Wilson et al. (2019) and Chen et al. (2021) illustrate how Al-based assessment systems adapt to
student needs, providing targeted feedback and adaptive learning pathways.

e Improved Timeliness of Feedback: Al-based assessment allows for immediate feedback
provision, enabling students to address areas of improvement promptly. Research by Johnson et al.
(2020) and Huang et al. (2022) shows that timely feedback from Al systems enhances student
engagement, motivation, and learning outcomes.

Limitations and Challenges:

o Difficulty in Capturing Complexity: Al systems face challenges in evaluating complex
assessments that require contextual understanding, creativity, and critical thinking. Research by
Dawson et al. (2019) and Rienties et al. (2021) highlights the limitations of Al in assessing open-
ended questions, subjective assignments, and higher-order thinking skills.

o Potential Biases: Al algorithms are prone to biases, reflecting the biases present in the
data used for training. Studies by Oberst et al. (2020) and Kizilcec et al. (2021) emphasize the
need to address biases to ensure fairness in Al-based assessment, as biased algorithms can
perpetuate existing inequities and disadvantage certain student groups.
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e Lack of Human Interaction and Personalized Guidance: Al-based assessment may lack
the human element of interaction and personalized guidance that human educators provide.
Research by Prinsloo and Slade (2017) and Wise et al. (2020) emphasizes the importance of
human involvement to support students' emotional well-being, offer nuanced feedback, and foster
a supportive learning environment.

Ethical Considerations: Implementing Al-based assessment in higher education raises ethical
considerations that must be addressed. Transparency in the use of Al, data privacy, and avoiding
biases are key concerns. Studies by Siemens et al. (2019) and Luckin et al. (2022) highlight the
importance of clear communication, informed consent, data security measures, and ongoing
monitoring to ensure responsible and ethical implementation of Al-based assessment.

Conclusion: This literature review provides insights into the evolving landscape of Al-based
assessment in higher education. The advantages of increased efficiency, objectivity, personalized
learning experiences, and timely feedback highlight the potential of Al in transforming assessment
practices. However, the limitations and challenges related to capturing complexity, biases, and the
importance of human interaction underscore the need for a balanced approach that values human
judgment and expertise. Ethical considerations play a crucial role in the responsible
implementation of Al-based assessment. By understanding the current research landscape and
addressing these considerations, educators and institutions can harness the benefits of Al while
ensuring an ethical and comprehensive assessment process in the age of artificial intelligence.

Now let's define our research questions:

e How is artificial intelligence (Al) being utilized in the assessment of students' knowledge
in higher education?

e What are the advantages and limitations of using Al in the assessment process?

e What are the perceptions and experiences of key stakeholders (educators, administrators,
and students) regarding Al-based assessment in higher education?

e What are the ethical considerations associated with the use of Al in assessment?

The scientific novelty of this paper lies in its comprehensive exploration of the implications
of Al-based assessment methods in the context of higher education. While the integration of Al in
education is a rapidly evolving field, this paper brings together various aspects of Al-based
assessment, including advantages, limitations, ethical considerations, and real-world perspectives
from both educators and students.

The target population of our research includes educators, administrators, and students in the
higher education system who have direct experience or knowledge of Al-based assessment
methods. The sample may be purposively selected to ensure diverse perspectives and expertise.
Now let's try to present the data collection procedure that we used during our research.

Methodology.

Semi-structured Interviews: Semi-structured interviews will be conducted with educators,
administrators, and students to gather rich qualitative data. The interviews will explore
participants' experiences, perceptions, and challenges related to Al-based assessment. The number
of interviews will be determined based on data saturation, where new information and themes
cease to emerge. Let us present a summary analysis.

The interview with the educator provided valuable insights into their familiarity and
experiences with Al-based assessment in higher education. Although the educator had limited
direct experience in implementing Al-based assessment methods, they showcased an
understanding of the concept and had observed its application in their colleagues' teaching
practices.

Advantages and limitations of Al-based assessment were discussed. The educator
acknowledged the potential benefits of increased objectivity and consistency in grading through Al
algorithms. They highlighted the time-saving aspect and the standardized evaluation process that
automated essay scoring systems offer. However, limitations were noted, particularly in capturing
the complexity of certain assessments, such as open-ended questions or project-based assignments,
which require human judgment and interpretation.

136



Regarding the impact on students' learning experiences and outcomes, the educator
recognized the potential of Al-based assessment to provide immediate feedback and support
personalized learning. They emphasized the importance of students not becoming overly reliant on
Al systems, as developing critical thinking and problem-solving skills is crucial.

From an ethical standpoint, the educator emphasized the significance of transparency in Al
algorithms and decision-making processes. They stressed the importance of students having a clear
understanding of assessment criteria and how their work is being evaluated. Ongoing monitoring
and mitigation of biases in Al systems were also considered vital ethical considerations.

In summary, the interview with the educator highlighted the potential benefits and limitations
of Al-based assessment in higher education. The educator recognized the need for a balanced
approach, where Al systems are viewed as tools that complement and support educators rather
than replacing them. The insights shared underscored the importance of ongoing professional
development and training for educators to effectively integrate Al-based assessment in their
teaching practices.

The interview with the administrators shed light on their perspectives and experiences
regarding the use of artificial intelligence (Al) in assessment within higher education. The
administrators displayed a level of familiarity with Al-based assessment methods and
acknowledged their potential benefits and challenges.

The administrators highlighted several advantages of Al-based assessment, including
increased efficiency in grading and feedback provision. They recognized that Al algorithms can
analyze large amounts of data, providing timely and consistent evaluations. Additionally, they
mentioned the potential for personalized learning through adaptive assessments, tailoring the
assessment process to individual student needs.

However, the administrators also acknowledged certain limitations and concerns. They
recognized the importance of striking a balance between automated assessment and human
judgment, particularly for assessments requiring subjective evaluation. The administrators
emphasized that Al-based assessment should be viewed as a complement to human expertise
rather than a complete replacement.

Ethical considerations were an essential aspect of the interview. The administrators stressed
the significance of transparency in the assessment process and ensuring students' understanding of
how Al systems evaluate their work. They highlighted the need for ongoing monitoring and
addressing potential biases in Al algorithms, emphasizing the importance of fair and unbiased
assessments.

The interview with administrators provided valuable insights into the implementation and
implications of Al-based assessment in higher education. They recognized the potential benefits of
efficiency, consistency, and personalized learning. However, they also emphasized the need to
maintain a balance between Al systems and human judgment, and the ethical responsibilities
associated with using Al in assessment.

Overall, the administrators' perspectives contribute to a comprehensive understanding of Al-
based assessment in higher education, informing the broader study on "Assessment in Higher
Education in the Age of Artificial Intelligence.” Their insights underscore the importance of
considering both the advantages and limitations of Al-based assessment and ensuring ethical
practices are in place to support fair and transparent evaluation processes.

The interview with students provided valuable insights into their perceptions and experiences
related to the use of artificial intelligence (Al) in assessment within higher education. The students
demonstrated varying degrees of familiarity with Al-based assessment methods and shared their
perspectives on the advantages and challenges associated with these approaches.

Several advantages of Al-based assessment were highlighted by the students. They
appreciated the immediate feedback provided by Al systems, which allowed them to identify areas
of improvement and take corrective actions promptly. The students also acknowledged the
potential for increased objectivity and consistency in grading, as Al algorithms can evaluate work
based on predefined criteria. Additionally, the adaptability of Al systems to individual learning
needs was seen as a positive aspect, supporting personalized learning experiences.
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However, the students also expressed concerns and limitations associated with Al-based
assessment. They emphasized the importance of maintaining a balance between Al and human
interaction in the learning process. Some students expressed a preference for human feedback and
interaction, particularly for assessments involving subjective evaluation or complex assignments
that require contextual understanding.

Ethical considerations were discussed during the interview. The students emphasized the
importance of transparency in the assessment process, ensuring clear communication about how
Al systems evaluate their work. They expressed concerns about potential biases in Al algorithms
and the need for continuous monitoring and evaluation to address these issues. The students
stressed the importance of fairness and the prevention of discrimination in Al-based assessment
practices.

The interview with students provided a valuable student perspective on Al-based assessment
in higher education. Their insights contributed to a broader understanding of the advantages,
challenges, and ethical considerations associated with these assessment methods. The students'
emphasis on the importance of human interaction and contextual understanding alongside Al-
based assessment highlighted the need for a balanced approach that integrates the benefits of both.

Overall, the interview with students enriched the study on "Assessment in Higher Education
in the Age of Artificial Intelligence” by incorporating their viewpoints. It emphasized the
significance of considering student perspectives and ensuring ethical and transparent
implementation of Al-based assessment practices in higher education.

Results

In addition to interviews, we also conducted online surveys during the research. Online
surveys will be administered to a larger sample of educators and students to collect quantitative
data on their perceptions of Al-based assessment. The surveys will include Likert-scale and open-
ended questions to capture both quantitative ratings and qualitative feedback. More than 500
participants from Armenia took part in the surveys. Let's present the results and analyze them.

Question 1. How familiar are you with the concept of Al-based assessment in higher
education?

40.0%

30.0% 27.8%

25.0%
20.0% 16.4%
15.0% 12.7%
9.7%

10.0%

5.0% .

0.0%

Not familiar at Somewhat = Moderately ~Very familiar ~ Extremely
all familiar familiar familiar
Chart 1

The results of the survey indicate that the majority is somewhat aware of the problem.
Moreover, many of them still do not practically use such systems in their professional activities,
but in private conversations they stated that they read and are familiar with scientific research.
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Question 2. Have you personally experienced Al-based assessment methods in your
educational journey?

Chart 2

m Yes

m No

The answer to the next question also confirms the hypothesis that student assessment systems
based on artificial intelligence are not yet widely used in RA. We think that it is necessary to
delegate the development of similar systems to the scientific community in order to apply them in
the Armenian education system.

Question 3. Please rate the following advantages of Al-based assessment in higher
education on a scale of 1 to 5, where 1 represents "Not significant and 5 represents
"Extremely significant™:

a. Increased efficiency in grading and feedback provision

b. Objectivity and consistency in evaluation

c. Personalized learning experiences

d. Improved timeliness of feedback

e. Other (please specify: )

f. N/A (Not applicable)

The majority of survey participants gave 4 and 5 points to all options, that is, they feel the
importance of such systems, but do not use them, because such systems are still unique and
untested in the Armenian market.

Question 4. Please rate the following challenges or limitations of Al-based assessment in
higher education on a scale of 1 to 5, where 1 represents ""Not significant™ and 5 represents
""Extremely significant™:

a. Difficulty in capturing complex assessments (e.g., open-ended questions, project-based
assignments)

b. Over-reliance on Al systems, potentially reducing critical thinking skills

c. Potential biases in Al algorithms

d. Lack of human interaction and personalized guidance

e. Other (please specify: )

f. N/A (Not applicable)

The choices of the survey participants were quite diverse. The concern of most of them is that
artificial intelligence systems can lack of human interaction and personalized guidance.
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Question 5. To what extent do you believe Al-based assessment can positively impact
students' learning experiences and outcomes?

Chart 3

m Not at all

= Somewhat
Moderately

m Very much

= Completely

Let's note that the results of the survey mainly record positive dynamics, which proves that
the respondents are aware of the role and place of artificial intelligence in the automatic systems of
students' assessment. We are also convinced that in the future it is impossible to imagine
automated knowledge assessment systems without the use of artificial intelligence systems.

Conclusions

Summarizing the answers received, we should note that: when implementing Al-based
assessment in higher education, several ethical considerations are crucial to ensure fairness
and transparency. Some important ethical considerations include:

e Transparency and Explanation: It is essential to be transparent about the use of Al-based
assessment systems and provide clear explanations to students about how their work will be
evaluated. Students should understand the assessment criteria and how Al algorithms make
decisions.

e Avoiding Bias: Efforts should be made to address potential biases in Al algorithms. Bias
can arise from biased training data or inherent biases in the algorithms themselves. Regular
monitoring and evaluation of the Al systems should be conducted to identify and mitigate any
biases that may impact the assessment outcomes.

e Ensuring Privacy and Data Security: Protecting the privacy of students' personal data is
paramount. Institutions should implement robust data security measures to safeguard student
information and ensure compliance with relevant data protection regulations.

e Human Oversight and Intervention: While Al systems can provide automated evaluations,
it is important to maintain human oversight and intervention in the assessment process. Human
educators should have the ability to review and validate the Al-generated assessments to ensure
accuracy and fairness.

e Auvoiding Overreliance on Al: Al-based assessment should be viewed as a supportive tool
rather than a complete replacement for human judgment. It is crucial to maintain a balance
between Al systems and human expertise to ensure a comprehensive evaluation process that
considers contextual factors and subjective aspects of learning.

e Continuous Evaluation and Improvement: Al-based assessment systems should undergo
continuous evaluation to assess their effectiveness, fairness, and reliability. Regular updates and
improvements should be made based on feedback from educators, students, and other stakeholders.

e Informed Consent: Students should be provided with clear information about the use of
Al-based assessment and have the option to provide informed consent for their participation. They
should understand the implications and potential impacts of Al-based assessment on their learning
experiences and outcomes.
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These ethical considerations aim to promote fairness, transparency, and student welfare in the
implementation of Al-based assessment in higher education. By addressing these considerations,
institutions can ensure that Al-based assessment practices align with ethical guidelines and support
the overall educational objectives.

Summarizing the findings from our interviews and online surveys, we answer our following
hypotheses: How educators can effectively integrate Al-based assessment methods while
ensuring a balanced approach that values human judgment and expertise? Educators can
effectively integrate Al-based assessment methods while maintaining a balanced approach that
values human judgment and expertise through the following strategies:

e Clear Learning Objectives: Educators should clearly define the learning objectives for
each assessment and ensure that Al-based assessment methods align with those objectives. This
helps in selecting appropriate Al tools that complement human judgment rather than replace it.

e Combination of Al and Human Evaluation: Al-based assessment should be used as a tool
to support and enhance human evaluation rather than replacing it entirely. Educators can leverage
Al systems to automate certain aspects of assessment, such as grading multiple-choice questions or
providing initial feedback, while reserving complex or subjective evaluations for human judgment.

e Calibration and Training: Educators should receive adequate training on the use of Al-
based assessment tools. This includes understanding the capabilities and limitations of Al
algorithms, interpreting Al-generated results, and calibrating the Al systems to align with their
own evaluation standards. This helps ensure that human judgment and expertise are effectively
integrated into the assessment process.

e Ongoing Monitoring and Quality Assurance: Regular monitoring and quality assurance
processes should be in place to evaluate the performance and reliability of Al-based assessment
systems. Educators can review samples of Al-generated assessments to ensure consistency and
accuracy. This monitoring helps identify potential biases or shortcomings in Al algorithms and
allows for necessary adjustments.

e Student Engagement and Feedback: Educators should actively involve students in the
assessment process and seek their feedback on the Al-based assessment methods used. This
engagement helps students understand the role of Al systems, provides them with opportunities to
express concerns, and enables continuous improvement based on their input.

o Flexibility and Adaptability: Educators should maintain flexibility in their assessment
practices, considering that Al-based assessment is just one of several tools available. They should
be willing to adapt and modify assessment approaches based on the specific needs of students and
the nature of the learning tasks. This ensures that the assessment process remains student-centered
and accounts for the diverse ways in which students demonstrate their knowledge and skills.

e Continuous Professional Development: Educators should engage in ongoing professional
development to stay updated on the latest developments in Al-based assessment methods and best
practices. This helps them enhance their understanding, skills, and confidence in integrating Al
tools effectively while maintaining a balanced approach.

By implementing these strategies, educators can leverage the benefits of Al-based assessment
while upholding the value of human judgment and expertise. The integration of Al and human
evaluation fosters a comprehensive assessment process that considers both the efficiency of Al
systems and the nuanced insights provided by educators.

And what are the advantages and limitations of using Al in the assessment process? Using Al
in the assessment process offers several advantages and limitations. Here are some key points:

Advantages of using Al in the assessment process:

e Increased Efficiency: Al can automate the assessment process, enabling quick and
efficient evaluation of a large volume of student work. This saves time for educators and allows
for timely feedback to students.

e Objectivity and Consistency: Al algorithms evaluate student work based on predefined
criteria, reducing subjective biases and ensuring a more consistent and standardized evaluation
process. This promotes fairness and eliminates potential discrepancies in grading.
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e Immediate Feedback: Al-based assessment systems can provide instant feedback to
students, allowing them to identify areas of improvement and take corrective actions promptly.
This immediate feedback supports a timely and targeted learning process.

e Personalized Learning: Al systems can adapt assessments to individual student needs and
provide personalized learning experiences. By analyzing student performance data, Al can tailor
assessments to address specific learning gaps and offer customized recommendations.

e Data-driven Insights: Al-based assessment generates a wealth of data that can provide
valuable insights into student performance and learning patterns. Educators can utilize this data to
inform instructional strategies, identify areas of improvement, and tailor interventions.

Limitations of using Al in the assessment process:

e Difficulty in Capturing Complexity: Al may struggle to accurately evaluate complex
assessments, such as open-ended questions, creative projects, or subjective assignments that
require contextual understanding and human judgment. Al algorithms typically excel in tasks with
well-defined criteria and quantifiable outcomes.

o Potential Biases: Al algorithms are trained on existing data, which can contain inherent
biases. These biases can be unintentionally incorporated into the assessment process, leading to
unfair evaluations and potentially disadvantaging certain groups of students. Regular monitoring
and addressing biases are crucial to ensure fairness.

e Lack of Contextual Understanding: Al systems may lack the ability to grasp the full
context of student work, including nuances, creativity, and originality. The human element is
essential in interpreting and appreciating complex student contributions that go beyond predefined
criteria.

e Limited Subjectivity and Intuition: Assessments that require subjective judgment,
intuition, or qualitative analysis may not be effectively evaluated by Al systems. Human educators
possess the expertise to assess these aspects, considering multiple factors beyond what can be
captured by algorithms.

e Technical Challenges and Infrastructure: Implementing Al-based assessment methods
requires adequate technological infrastructure, including reliable connectivity, data storage, and
computational resources. Institutions need to invest in these resources and ensure smooth
integration into existing assessment systems.

Understanding the advantages and limitations of using Al in the assessment process is crucial
for educators and institutions to make informed decisions about its implementation. Striking a
balance between the strengths of Al systems and the value of human judgment can lead to an
effective and comprehensive assessment approach in higher education.
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AHHOTALUA

B 1989 r. aBTOp cranm coydpeauTeneM B OpUTaHCKOM MaHYECTEpCKOM YHUBEPCHTETE IEPBOTO
HccnenoBarensckoro meHTpa uccnenoanuii popmartuHoro ouenuBanus (CFAS). Lemsio mepsoro CFAS
OBUIO MCCIIEIOBAaHHE M YTBEPIKICHUE TOCTYIHBIX JMYHOCTHO-OPHEHTHPOBAHHBIX MOJENeHl U METOJOJIOrHi
(hopMaTHBHOTO TIPEMOIaBaHus U 00yUCHHS, KOTOPhIC cenand Obl 00a 3THX mpolecca 6oiee 3 (HEKTHBHBIMU
Ui Beex yuanmxcs. CTUMYJIOM K HAaIMCaHWIO JaHHOW CTaTbH M 0030py COOTBETCTBYIOLIEH JIMTEpaTyphl
NOCIY)XWJIa TpeAblaymas paboTa uccienoBaTeneil mo (OPMUPYIONMM MEIarorHueckuM MOJCTIM |
pa3paboTKe COOTBETCTBYIOLIMX YYEOHBIX NPOTpamMM, HAONIOEHMS M aHaliM3 peajau3aiud U dddekra oT
HBIHEIITHETO BCIIECKa HHTEpeca K «TpaHC()OPMAIMOHHON MeJaroruKey.

IIpu Gernom 0630pe nmuTeparypsl, cmycts 34 rona mocie Hadana padoTsl mepsoro CFAS, mokaspiBaer,
C TOYKH 3pEHHMS TI00aTBHBIX UCCIIEOBAaHUH, HACKOJIBKO TPYAHO OBLIO 3a MPOLIEAIINE I'OJ(bl HHTETPHPOBATH
JaHHYI0 (POPMHPYIOIIYIO MO/IENb TPAH3aKIMOHHOTO MPETIOIaBaHus U 00ydeHHs B 00liee M0JIb30BaHuUE.

OpHOM M3 OCHOBHBIX MpPOOJieM ObLIO JOMHHHMPOBaHHME Ha MEXAYHAPOIHOM IONUTHYECKOM YPOBHE
MOJIEIM CYMMATHBHOTO TECTHPOBAHUS «C BBICOKMMH CTaBKaMW» WJIM HakomjieHus («(hepMepcTBO»)
HHU3KOYPOBHEBBIX JIAHHBIX LIENBIX KOTOPT B KayeCTBE «OBICTPOTO M TIPSI3HOTO» MOKa3aTelsl yCIeBaeMOCTH
ydamuxcsi, 3QQGEeKTHBHOCTH pabOThl yuMTeNed M HMHCTHTYLMOHAIBHOM ycrneBaeMocTH. Jlureparypa 00
OMIMOOYHOCTH 3TOH MoJenu oOUMpHA, HO OOOPOHMTENbHAs, OTCTYHAIOLIAs TO3WLHS, 3aHHMaeMas
MEX/YHApOAHBIMH MUHHUCTEPCTBAMU 00pa30BaHMs, OOBIYHO TakoBa: «POINUTENHN 0XKUIAIOT YBUIETh OLICHKH H
ObUTH OBl pa304apoBaHbl, €CJIM ObI MBI HE COXPAHHIIU Ty MOJIEIIbY.

Knrouesvie cnosa: popmamusnoe obOyuenue, MoOelb OYEHUBAHUS, CYMMAMUBHOE MECMUPOBAHIe,
mpancgopmayuonnoe 06pasosanue, MpancHopmayuoHnas nedazosuxa, Gopmupyloujee oyeHusanue.
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